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face_detector =
cv2.CascadeClassifier(‘haarcascade frontalface_default.xml')
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recognizer.train(faces, np.array(ids))
recognizer.write('trainer/trainer.yml')
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cv2.rectangle(img, (x,y), (x+w, y+h), (0,255,0), 2)
id, confidence = recognizer.predict(grayl[y:y+h, x:x+w])
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